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Noise drops to 0 as a function of stimulus strength
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Noise has a more interesting dependence on frequency
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What of the additional stochastic noise sources in real circuits?
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Conclusions

External stimulus actively suppresses intrinsic noise in chaotic 
networks

This suppression is most effective at intermediate frequencies
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Spontaneous activity starts at 1 and is chaotic

Figure: Avi Ziskind
Sompolinsky,  Crisanti & Sommers, 1988
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